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Abstract

The function bestknn uses the pseudolikelihood method to select the best k for kNN
classification.

Keywords: classification.

1. Introduction

Strauss (1992)

Holmes and Adams (2002, 2003)
(Islam 2008)

Ripley (1994, 1996)

R> library(bestknn)

R> data(trainSyn)

R> s.tr <- trainSyn

R> Xtr <- s.tr[, 1:2]

R> ytr <- ifelse(s.tr[, 3] == 0, -1, 1)

R> knnselect(X = Xtr, Y = ytr, maxk = 100)

[1] 66

R> knnselect(X = Xtr, Y = ytr, maxk = 100)
2. Concluding Remarks
Concluding remarks etc
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Figure 1: Optimal k for Ripley’s synthetic training data
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